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1. Logistic Regression

Logistic Regression (2 X| A E| 2|7)
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1. Logistic Regression
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2. K-Nearest-Neighbor
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2. K-Nearest-Neighbor
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03. Random Forest




3. Random Forest

2lo] ol Zat S8

fal
1>
1o

|m
1)
(TR
o
00
Ks
1o |
>

N
0%

X
Q
D)
o
@)
3
-
@)
D
%1
rr
R
0z
il
Ral
G
rr
_|'_|_ —




Support Vector Machine)

4. SVM (
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Support Vector Machine)

4. SVM (
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5. Gradient boosting model
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5. Gradient boosting model
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Manual search

Random search

Bayesian optimization
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1. Grid Search
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Grid Search © 2 Parameters x| & 3}

N-estimate Max_depth Max leaf node Max feature




Random Forest A| 2t} &7
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